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Abstract:
Intracranial neurodata refers to data related to the brain that is collected from within the skull.
This kind of data provides rich sources and insights into the function and structure of the brain,
and is highly valuable in neurology, neurosurgery, and neuroscience research. In this talk, we
begin with two recent projects, one on ordinary differential equation modeling, and the other
on dynamic mediation analysis, that are useful for modeling intracranial neurodata. We also
discuss some ongoing projects on deep brain stimulations based on intracranial neuronal signals
acquired from electrodes implanted within the brain.
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